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Abstract

As an increasing number of older adults utilize digital media, the digital access gap between the elderly and
the younger generation is gradually narrowing. However, owing to individual differences, a significant
disparity exists in digital media usage behavior within the elderly population. This study focused specifically
on the so-called “gray digital divide” , a usage divide among older adults aged 60+ years. Based on a
representative survey in China (N = 394), it was found that nearly 61.42% of older adults perceive themselves
as having a moderate level of digital media usage behavior. Through analysis of variance, it was showed that
older adults with varying levels of education and financial status exhibited significant differences in their levels
of digital media usage behavior. And gender differences did not lead to disparities in the levels of digital media
usage behavior. To further analyze the factors influencing the digital media usage behavior of older adults, a
multilevel hierarchical regression analysis revealed that education was a key determinant. the level of
education and financial status positively influenced digital media usage behavior among older adults.
Regarding attitudes and behaviors towards media, the digital media usage attitude did not directly affect their
usage behavior. However, there was a significant positive relationship between digital media usage capability
and usage behavior; the higher the media capability, the higher the level of digital media usage behavior.

Keywords: Digital Divide;, Older Adults; Media Usage Behavior, Media Usage Attitude; Media Usage
Capability

1.0 Introduction
Digital media, as a crucial medium and tool for social engagement, greatly empowered older adults in their
social lives [1]. Portable and flexibly accessible digital media became the primary technological intermediary
for elderly individuals to communicate with the outside world. Digital technology played a significant role in
increasing access to information resources, expanding discourse space, and enhancing individual capabilities
[2]. Within the elderly population, digital media served as an advantageous tool for technological
empowerment. The information resources provided through digital media facilitated cognitive activities,
enhanced communication channels for social activities, helped them perform daily tasks more efficiently, and
enriched their leisure and entertainment activities [3].

However, in reality, the level of digital media usage among older adults varied greatly. According to the
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55th Statistical Report on Internet Development in China, which were released by the China Internet Network
Information Center (CNNIC). As of December 2024, the number of internet users in China reached 1.108
billion, an increase of 16.8 million compared to December 2023, with an internet penetration rate of 78.6%.
Internet users aged 60 and above accounted for 156 million, or 14.1% of the total internet users. However,
older adults were the group with the lowest level of digital skills among all demographics [4]. The increased
academic focus on the older population is justified by the fact that older adults are becoming increasingly
comfortable with technology and are recognizing the benefits of using digital media services [5]. It is important
to note that the older population is also considered a highly vulnerable group when engaging in online activities
[6]. While numerous studies have highlighted the benefits of digital media on the lives of older adults,
emphasizing its potential to enhance social connections, reduce feelings of loneliness, and improve overall
well-being [7], there is still a lack of comprehensive research on the divide among older adults using digital
media. This study aimed to empirically analyze the current status of digital media usage among older adults,
explore the differences in digital media usage within the elderly population, and identify the fundamental
reasons for intergenerational digital divides, providing insights for digital survival.

2.0 Literature Review

Media usage referred to the information behavior of audiences, encompassing all activities in which audiences
engaged to determine information needs, collect, use, and transmit information [8]. On digital media platforms,
the cost of information dissemination and reception was reduced, eliminating the need to meet the standards
set by traditional mass media gatekeepers. Individual users could publish information on digital media
platforms at no cost, shifting the control of information dissemination from traditional mass media to individual
users within the platform [9]. Simultaneously, as recipients of information on these platforms, users considered
the credibility of information as one of the key factors in deciding whether to accept it [10]. Users' past
forwarding behavior, frequency and periodicity of information posting on media platforms, originality of
information content, and relevance of information content to user interests, among other online cognitive
experiences, formed the basis for subsequent cognitive behaviors such as forwarding, liking, and commenting
[11]. In these subsequent cognitive behaviors, users' liking and commenting on information represented their
interactive behaviors with information, while individual users' publication of original content or reposting
others' content typified information dissemination behaviors in the digital media environment [12].

Numerous studies on digital media usage among elderly, however, indicated that older adults were
typically behind younger cohorts in terms of percentage of digital media users and types of uses [13]. This
problem, commonly called the age divide, was reflected in at least three levels of digital divide between young
and old digital media users.

The first level of the digital divide known as the "access divide," primarily concerned discrepancies in
accessing digital technologies such as computers and the internet. This level focused on variations in physical
access to technology and ownership of devices. Disparities in access methods, autonomous usage, internet
proficiency, social support, and usage purposes manifested as forms of the "access divide" among the elderly
[14]. Compared to younger individuals, the elderly faced significant disparities in accessing internet-related
infrastructure at the material level, including both hardware and software aspects. The proportion of elderly
individuals using non-mobile internet and mobile internet was notably lower than that of younger people.
Moreover, the elderly tended to have lower ownership and access rates of electronic devices, with simpler
functionalities that often failed to cover essential applications in modern daily life. The purchase price of
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electronic devices and the economic costs of internet usage served as major reasons for many elderly
individuals to resist digital access [15]. The "access divide" thus became the "first level of the digital divide"
for elderly individuals in the digital era [16].

With the continuous iteration of internet technology and the accelerated construction of infrastructure, the
reduction in technology costs was gradually bridging the "access divide". However, the emergence of the
second level of the digital divide, also known as the "usage divide", became apparent [17]. This level of the
digital divide typically emphasized digital contact and usage capabilities, highlighting how media contact and
usage abilities influenced people's behavior in meaningful ways [18].

Research indicated that young individuals tended to demonstrate more appropriate social media behavior
and were more accepting of social applications compared to the elderly [19]. Studies showed that young adults
used social media more frequently for various purposes, including exploring healthy lifestyle behaviors [20].
Conversely, the elderly used social media more influenced by the perceived usefulness of the network and its
contents rather than the perceived ease of use [21]. Meanwhile, within the elderly population, individual
diversity influenced the media usage skills of the elderly, resulting in different media contacts and usage
patterns [22]. The use of digital technology among the elderly was affected by physical skills; for example,
some older adults experienced physical and mobility barriers, making it difficult to read small text fonts or
control small screen buttons. Even if older adults were willing to try new technologies, factors such as health
status and educational level prevented them from learning to use new media in their work and daily lives,
unlike younger individuals [23]. Furthermore, older adults often lacked confidence in using technology
psychologically, leading to technology anxiety or even fear, which affected their actual usage [24]. Elderly
individuals lacked confidence when using digital media and technology. Some elderly participants lacked
confidence, considering themselves as novices and lacking patience with technology. Additionally, some
elderly individuals worried that making certain unchangeable "mistakes" could damage their devices or lead
to concerns about privacy breaches. Digital media usage attitude was crucial in determining the elderly
engagement with social media and online services [21]. The potential, frequency, and breadth of digital media
usage among the elderly population consistently remained lower than that of the general population, indicating
a significant digital divide between the elderly and younger demographics [25].

"The knowledge gap" represented the third level of the digital divide for elderly individuals in the digital
age. In comparison to younger demographics, the disadvantages in digital access, usage methods, and skills
among the elderly population led to inadequate acquisition of digital knowledge [26]. Some elderly individuals
were unable to access relevant digital information or might have misconstrued digitally provided public service
information. Moreover, the information cocoon effect brought about by algorithmic recommendations
inadvertently fostered an information bubble among the elderly, leading to phenomena such as speechlessness
or voicelessness when expressing social service needs and evaluating social service performance [27]. The
decentralized nature of new media provided the younger generation with the possibility to challenge parental
authority, resulting in the monopolization of discourse on the internet by younger individuals, thus
marginalizing the elderly and rendering them the "others" in online communication [28].

The digital divide across age groups was extensively studied, revealing disparities that affected
individuals of different ages, including older adults [29]. In addition to this, many researchers identified various
factors influencing internet access among different age groups, leading to the recognition of a "grey digital
divide" [30]. The concept of the grey digital divide specifically addressed the digital exclusion of the elderly
[31]. The gray digital divide was recognized as a hindrance preventing older adults from reaping the benefits
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of digital technology research and design, especially concerning social isolation and dementia [32]. Studies
indicated that the gray digital divide was not solely a result of physiological aging but was also influenced by
societal categories and positions [33]. The reduced utilization of digital technologies by older individuals was
identified as a crucial aspect of the gray digital divide [34]. Additionally, evidence supported the presence of
a gray digital divide arising from both lack of access and lack of use among older adults [35]. Concerns were
raised regarding the limited levels of technological service utilization among older adults, highlighting the
existence of a gray digital divide [36]. The impact of the COVID-19 pandemic further underscored the
necessity of addressing the digital divide among the elderly to ensure fair access to technology [37].

Based on the empirical findings cited above, it was easy to find the digital divide not only between the
cohorts of the young and older adults but also within older adults. Therefore, this study looked at the level of
digital media usage behavior among older adults, and the differences in digital media usage behavior among
older adults individuals based on various personal characteristics, as well as the fundamental reasons leading
to these differences.

3.0 Research Questions

As we all knew, digital adoption was growing faster among individuals aged over 60 [38]. Such growth had
closed the first digital divide among older adults. Research had shown that even after achieving universal
physical access to the internet, divides in digital media skills and usage patterns continued to expand [39].
Hence, the first research question looks at the level of digital media usage behavior within groupings of persons
60 years and older.

RQ1: What is the level of digital media usage behavior among older adults?

The second research question addresses the differences of digital media usage behavior among older
adults. The literature suggested testing for socio-demographic variables such as sex, age, education, income,
occupational exposure to PCs [40]. Therefore, the second research question concerns the differences in digital
media usage behavior among older adults based on various demographic characteristics.

RQ2: What differences exist in the digital media usage behavior among older adults?

The digital media usage behavior of older adults was influenced by a complex interplay of various
individual factors. It was influenced not only by their demographic characteristics but also by individuals'
media usage attitude [21] and their personal media usage abilities [23]. Although, some individual factors
cannot be directly influenced to digital media usage behavior, the complex interactions among these factors
are crucial for influencing the digital media usage behavior of the older adults. Therefore, the third research
question focuses on reasons for different digital media usage behavior among older adults.

RQ3: Which reasons lead to varying digital media usage behavior among older adults?

4. 0 Method

This study used a quantitative, non-experimental, correlational design. According to Creswell, J. W. and
Creswell, J. D, leveraging quantitative methods allows the researcher to apply statistical data to test hypotheses
and examine the relationships between variables [41]. This is done by drawing on numerical data. This study
analyses the variability of digital media use behaviors within the older age group through quantitative research
methods and explores the underlying causes of the intra-generational digital divide.

4.1 Sample
This study primarily explores the differences in digital media usage behaviors among older adults, with
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the research subjects required to possess certain digital skills. According to the 55th "Statistical Report on
Internet Development in China," by December 2024, there were 156 million internet users aged 60 and above
in China, accounting for 50.32% of the total elderly population. The internet is further penetrating the elderly
population. As one of the economically developed regions in China, Guangdong Province has a relatively high
internet penetration rate. The digital media usage behavior of the elderly can well reflect the internet usage
characteristics of the elderly population. Therefore, this study conducts a survey based on the elderly
population in Guangdong Province as the research sample.

Due to the highly homogeneous nature of the elderly population and the influence of media-reported
crime incidents and fraud news, elderly individuals generally exhibited a high level of vigilance in unfamiliar
environments [42]. In order to reduce concerns about risk among surveyed elderly individuals and enhance the
efficiency of the investigation, this study collaborated with community residents' committees in Guangdong
Province of China. Community residents' committee staffs used purposive sampling to conduct online surveys.

Krejcie & Morgan provided a widely used guideline for determining sample sizes in research activities,
recommending a sample size of 384 for populations above a million [43]. This guideline has been adopted in
various fields such as health studies, social sciences, and environmental research. According to the latest
statistics from the Guangdong Provincial Bureau of Statistics, as of the end of 2023, the resident population of
elderly individuals aged 60 and above in Guangdong Province was 17.16 million [44]. Therefore, this study
ultimately determined 394 valid samples through purposive sampling.

4.2 Measures

Digital media usage encompasses attitudes, abilities, and behavioral manifestations regarding digital
media usage. Measurement of attitudes and abilities regarding digital media usage referenced the scale
developed by Chen & Lou for measuring older adults' technology acceptance. This scale was primarily used
to assess the acceptance and usage of new technology among the elderly, including attitudinal beliefs and
control beliefs. Cronbach’s alpha and composite reliability for all subscales were above 0.80 in brief version,
indicating that the internal consistency was excellent [45].

Digital media usage behavior referred to the audience's utilization and acceptance of digital media,
encompassing all activities in which the audience engaged to determine information needs, gather information,
use information, and transmit information [46]. The Media Technology Use Attitude Scale (MTUAS) was
widely used in research on individuals' frequency and manner of media technology usage. This scale covered
various aspects of media technology, such as email, social media, online news, etc [47]. At the same time,
some studies found the MTUAS to be a valid and reliable measure for social media usage across these
culturally diverse samples [48]. The MTUAS showed acceptable reliability, with Cronbach's alpha values
ranging from 0.60 to 0.90 for teen reports and 0.67 to 0.98 for caregiver reports [49]. Therefore, this study
referenced the scale developed by Chen & Lou for measuring older adults' technology acceptance and the
Media Technology Use Attitude Scale (MTUAS) to measure digital media usage behavior. Taking into account
the functional characteristics of digital media in China, the study measured digital media usage behavior in
factors of attitude, ability, information reception behavior, and information dissemination behavior. In addition
to demographic items, all items corresponding to these themes were constructed with a six-point Likert scale
questionnaire, ranging from 1 (strongly disagree), 2 (disagree), 3 (slightly disagree), 4 (slightly agree), 5 (agree)
to 6 (strongly agree).
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5. 0 Results

5.1 Sample Profile

In the 394 valid samples, males accounted for 40.10%, while females accounted for 59.90%. As older
adults individuals age, they tend to participate in fewer social activities. In the sample data of this study,
individuals aged 60-69 predominated, with those aged 70 and above comprising only 24.12%. Moreover, due
to slow economic and social development in China during the 1960s, educational attainment was generally
low. Consequently, the respondents in this study were mainly concentrated at the primary and junior high
school levels, with only 6.85% having received college education, as shown in Table 1.

TABLE 1
Demographics of Respondents (n=394)

Demographics Frequency Percentage(%)

Sex

Male 158 40. 10

Female 236 59.90
Age

60-69 299 75. 89

70-79 75 19. 04

80 and above 20 5.08

Education Level

No Formal Education 34 8.63
Elementary School 135 34. 26
Junior High School 122 30. 96

High School 76 19.29
College 27 6. 85

5.2 Level of Digital Media Usage Behavior among Older adults

To determine the level of digital media usage behavior among older adults, this study use class intervals
for this abstract concept. The class interval, also known as the class width, was a concept used in statistics and
data analysis to group a set of data values into intervals or ranges. It was an important aspect of creating
frequency distributions. The class interval determined the width of each interval or range and plays a crucial
role in organizing and presenting data in a meaningful and interpretable manner [50].

To identification of class interval, the initial step involved calculating the range, followed by dividing the
range by three to correspond to the three levels of digital media usage attitude, ultimately resulting in the
determination of the Class Interval (CI) value. Digital media usage included 15 items, which were measured
with Likert Scales 6 points — scale 1 (Strongly Disagree) to scale 6 (Strongly Agree). The highest value of
digital media usage behavior was 48, the lowest value was 8 among respondents. The calculation yielded the
following results.

Range = Highest Value — Lowest Value
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=48 -8=40
CI=Range /N
=49/3=163~=16
The class interval was determined as 16. To get the value for every level, minimum score for every level
have to add with CI value.
Low =8+ 16 =24
Moderate = 25 +16 =41
High =42 +16 =58
The classification of the class intervals for digital media usage behavior level among older adults was as
show in Table 2

TABLE 2
Classification of the Class Intervals for Digital Media Usage Behavior Level
Class Interval Level of Digital Media Usage Behavior
42 - 58 High
25-41 Moderate
8-24 Low

Through frequency analysis in the SPSS statistical software, the results of digital media usage behavior
level among older adults were shown in Table 3.

TABLE 3
Level of Digital Media Usage Behavior

Digital Media Usage Behavior Frequency Percentage (%)
High 48 12.18
Moderate 242 61.42
Low 104 26.40
Total 394 100

In Table 3, it was observed that the majority (61.42%) of older adults had moderate level of digital media
usage behavior, while 26.40% had low level of digital media usage behavior. However, only (12.18%) had
high level of digital media usage behavior. Older adults who had moderate level of digital media usage
behavior often click “Like” to a posting, photo, etc. This situation happened because social media platforms
such as WeChat and TikTok have indeed gained immense popularity and were widely used for online
communication and interaction in China. Clicking “Like” was one of the primary ways people engage in
communication through social media.

5.3 Individual Differences in Digital Media Usage among Older adults

To further validate the specific manifestations of individual differences in digital media usage behavior
among older adults, detailed analyses were conducted using independent sample t-tests, one-way analysis of
variance (ANOVA), and LSD post-hoc multiple comparisons, focusing on differences in digital media usage
behavior among older adults individuals of different genders, educational levels, and financial statuses.
The analysis of differences in digital media usage behavior by gender using independent sample t-tests was
presented in Table 4.
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TABLE 4
Independent Sample T-test Between Gender and Digital Media Usage Behavior

Gender N Mean Std. Deviation T P
Digital Media Usage Male 158 3.782 1.291
. -0.254 0.604
Behavior Female 236 3.815 1.242

From Table 4, it was observed that there was no significant difference in digital media usage behavior of
different genders among older adults. The p-value for digital media usage behavior was 0.604, which was
greater than 0.05, indicating consistency and lack of difference.

The analysis results of differences in digital media usage behavior among older adults by educational
level using one-way analysis of variance (ANOVA) were presented in Table 5.

TABLE 5
ANOVA between Education and Digital Media Usage Behavior
Variable Mean Square df F P
Digital Media Usage Behavior 11.510 4 7.740 0.000

From Table 5, it was observed that there was significant difference of digital media usage behavior and
education among older adults (F = 7.740, P<< 0.05).

To further analyze the specific manifestations of differences in digital media usage behavior with varying
levels of educational among older adults. Building upon one-way analysis of variance (ANOVA), this study
utilized LSD post hoc multiple comparisons to meticulously analyze the specific differences, with varying
levels of educational attainment—ranging from those with None Formal Education (NFE), Elementary School
(ES), Junior High School (JHS), High School (HS), and College (COL). The result was shown in Table 6.

TABLE 6
Multiple Comparisons between Education and Digital Media Usage Behavior
Mean Difference 95% Confidence Interval
Dependent Variable 1-3) Std. Error Sig. Lower Bound Upper Bound
Digital NFE ES -.898* 234 .000 -1.358 -.438
Media JHS -1.184* 236 .000 -1.649 =719
Usage HS -1.175% 252 .000 -1.670 -.680
Behavior COL -1.394* 314 .000 -2.012 =776
ES NFE .898* 234 .000 438 1.358
JHS -.286 152 .061 -.585 .014
HS =277 175 113 -.621 .066
COL -.496 257 .054 -1.002 .009
JHS NFE 1.184%* 236 .000 719 1.649
ES 286 152 .061 -.014 .585
HS .008 178 962 -.342 359
COL =210 259 418 -.720 .300
HS NFE 1.175% 252 .000 .680 1.670
ES 277 175 113 -.066 .621
JHS -.008 178 962 -.359 342
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COL -219 273 424 -.756 318
COL NFE 1.394* 314 .000 776 2.012
ES 496 257 .054 -.009 1.002
JHS 210 259 418 -.300 720
HS 219 273 424 -318 756

*. The mean difference is significant at the 0.05 level.

From Table 6, it was observed that there were significant differences in digital media usage behavior
between the NFE group and any other educational level group. The p-value for the comparison of digital media
usage behavior between the NFE and ES groups was 0.000 (p < 0.05), with a mean difference of -0.898. The
p-value for the comparison of digital media usage behavior between the NFE and JHS groups was 0.000 (p <
0.05), with a mean difference of -1.184. The p-value for the comparison of digital media usage behavior
between the NFE and HS groups was 0.000 (p < 0.05), with a mean difference of -1.175. The p-value for the
comparison of digital media usage behavior between the NFE and COL groups was 0.000 (p < 0.05), with a
mean difference of -1.394. Furthermore, there was no significant difference in digital media usage behavior
between the ES group and any educational level group above it. Therefore, it was concluded that the elementary
school educational level served as the boundary for differences in digital media usage behavior among the
older adults. For elderly individuals who have received formal education, differences in education level do not
lead to differences in digital media usage behaviors.

To further verify the differences in digital media usage behavior with different financial statuses among
older adults, this study conducted independent sample t-tests, and the results were presented in Table 7.

TABLE 7

Independent Sample T-test Between Financial Status and Digital Media Usage Behavior

Financial N Mean Std. Deviation T P
Digital Media Usage Restricted 133 3.013 1.141
9.839 0.000
Behavior Unrestricted 261 4.203 1.123

From Table 7, it was observed that there were significant differences in digital media usage behavior with
different financial statuses among older adults. The p-value for digital media usage behavior was 0.000 (p <
0.05). The mean for digital media usage behavior among elderly individuals not constrained by financial
situations was 4.203, while the mean for those constrained by financial situations was 3.013, indicating elderly
individuals with unrestricted financial statuses exhibited better digital media usage behaviors.

5.4 Individual Factors Influencing Digital Media Usage among Older adults

To investigate the influencing factors of digital media usage behavior among elderly individuals, this
study used gender, level of education, and financial status as control variables, digital media usage attitude and
digital media usage capability as independent variables, and conducted a multilevel hierarchical regression
analysis with digital media usage behavior as the dependent variable. The results of the analysis were presented
in Table 8.
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TABLE 8

Multilevel Hierarchical Regression Analysis on Digital Media Usage Behavior

Variables Predicting Std. . R Adjusted

géghlgliol\:ledla Usage B Error B t Sig. Square R Square F

76.093
Model 1 .369 364 (P=0.000)
Gender .027 .104 011 262 794
Education Level 101 .050 .085 2.029 .043
Financial Status 554 .039 582 14.040  .000

103.264
Model 2 .588 .583

(P=0.000)
Gender .001 .085 .001 .016 987
Education Level .008 .041 .006 .189 .850
Financial Status .035 .048 .036 718 473
Usage Attitude -.035 .053 -.029 -.660 .509
Usage Capability .848 .067 757 127757 .000

In Table 8, Model 1 includes gender, level of education, and financial status as control variables, the
coefficient of determination (R?) for this model was 0.369, indicating that these control variables together
accounted for 36.9% of the variance in the dependent variable. The F-value was 76.093, with a corresponding
p-value of 0.000 (p < 0.05), indicating overall significance of the model according to the F-test, suggesting
that the control variables collectively had a significant impact on the dependent variable.

Specifically, concerning gender, the p-value was 0.794, significantly greater than the significance level of
0.05, suggesting that gender had no significant influence on the digital media usage behavior of older adults
individuals. Regarding the level of education, the coefficient (B) was 0.101, with a p-value of 0.043 (p < 0.05),
indicating a significant positive impact of education level on digital media usage behavior, suggesting that the
more educated the elderly, the higher their level of digital media usage. Regarding financial status, the
coefficient (B) was 0.554, with a p-value of 0.000 (p < 0.05), indicating a significant positive impact of
financial status on digital media usage behavior, suggesting that older adults individuals with better financial
status exhibited higher levels of digital media usage behavior.

In Model 2, with the addition of digital media usage attitude and digital media usage capability to Model
1, the R? value increased from the original 0.369 to 0.588, indicating that these independent variables together
account for 58.8% of the variance in the dependent variable. The F-value was 103.264, with a corresponding
p-value of 0.000 (p < 0.05), suggesting overall significance of the model according to the F-test, indicating
that the newly added independent variables significantly influence the dependent variable, implying that digital
media usage attitude and capability significantly impacted the digital media usage behavior of older adults
individuals.

Specifically, concerning digital media usage attitude, the p-value was 0.509, which was greater than the
significance level of 0.05, suggesting that the digital media usage attitude did not significantly affect media
usage behavior among older adults. Regarding digital media usage capability, the coefficient (B) was 0.848,
with a p-value of 0.000 (p < 0.05), indicating a significant positive impact of digital media usage capability on
usage behavior. This suggested that the stronger the digital media usage capability of older adults individuals,
the higher their level of media usage behavior.
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6. 0 Discussion and Conclusion

This study primarily focused on the digital divide among elderly digital media users, examining individual
intrinsic factors influencing their digital media usage behavior through quantitative analysis methods. The
findings from this study indicated that more than half of the older adults perceive themselves as having a
moderate level of digital media usage behavior. Specifically, 61.42% of older adults had moderate level of
digital media usage behavior, while 26.40% of older adults had low level of digital media usage behavior, only
12.18% of older adults had high level of digital media usage behavior. It aligned closely with the survey results
from the China Internet Network Information Center (CNNIC). The 52nd China Internet Development Status
Statistical Report released that 54.6% of internet users aged 60 and above, who were considered elderly
netizens, possess at least one basic digital skill [51]. The majority of elderly netizens in China were capable of
tasks such as searching for, copying, and pasting information on computers or smartphones. These skills
essentially enable older adults to engage in daily information reception, transmission, and sharing activities
using digital media. Although the increased usage, many elderly individuals still face challenges in adapting
to new technologies due to limited digital skills and anxiety associated with technology use [52].

There were significant differences in the digital media usage behaviors of elderly individuals with
different levels of education. The elementary school educational level served as the boundary for differences
in digital media usage behavior among the older adults. This indicates that the development of digital
technology has gradually lowered the threshold for use, with interfaces and operational processes becoming
simpler and more intuitive [4]. Users only need to have a elementary school education level to access and use
digital media, and there are no significant differences in digital media usage behaviors between elderly
individuals with a primary school education level and those with a college education level. Meanwhile, there
were significant differences in the digital media usage behaviors of elderly individuals with different financial
status, elderly individuals with unrestricted financial statuses exhibited better digital media usage behaviors.
Older adults with unrestricted financial conditions may have more resources to access and engage with digital
media platforms, leading to higher levels of usage [53]. There were no significant differences in digital media
usage behaviors between elderly individuals of different genders.

Further research revealed that level of education, financial status, and media usage capability were the
primary intrinsic factors influencing the digital media usage behavior of older adults. This conclusion aligned
closely with previous research findings. Some studies noted that the digital media usage behavior was
influenced by people’s level of education and income [40]. Older adults with higher educational attainment
tended to engage more actively with digital media, they were more inclined to utilize platforms such as social
media [54]. And elderly individuals with better financial conditions were more likely to own advanced digital
devices and had stable internet connections, which were fundamental prerequisites for digital media usage.
Those with higher income levels could afford the costs of purchasing and maintaining these devices, enabling
them to access and use the internet more frequently. Moreover, higher income also means they can pay for
additional digital services, such as online courses or smart device usage fees, thereby enhancing their digital
media usage capabilities [55].

The media capability of older adults had a significant positive impact on their digital media usage behavior,
the higher the media capability, the higher their level of digital media usage behavior. This was mainly because
older adults with higher digital media capability may develop a strong interest in digital media, which
motivates them to continuously learn and experiment with new digital media skills, thus enhancing their level
of digital media usage. Some researches supported this notion, indicating that older adults who perceived
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digital media as useful and easy to use were more likely to engage with digital technologies and develop their
digital skills over time. There was positive impact of digital literacy on older adults' digital media usage,
suggesting that older adults with higher digital capabilities were more inclined to explore and utilize digital
media platforms for various purposes [56]. Additionally, older adults with higher digital media capability may
acquire more information through digital media compared to their peers, which could make them more
confident and willing to try more features and applications. Smith revealed that individuals with advanced
video editing skills were more inclined to create and share video content on social media platforms,
highlighting the influence of skill level on media choice [57]. This suggested that proficiency in specific media
formats could shape media preferences and choices. At the same time, media proficiency enhanced an
individual's ability to control the media messages they received, facilitating their utilization of media to acquire
necessary information for daily life and achieve personal goals [58]. This created a virtuous cycle where the
higher the digital media capability of older adults individuals, the higher their level of digital media usage
behavior.

However, gender did not influence the digital media usage behavior of older adults individuals. There
was no significant difference in digital media usage behavior between male and female. This result was
consistent with previous research conclusions. Existing studies suggested that the gender gaps in access to
digital media in later life have considerably narrowed and in some respects even disappeared [59]. This was
mainly attributed to the fact that in modern society, men and women enjoy equal rights and opportunities in
various fields such as socioeconomics and culture. They have equal access to and utilization of digital
technology and resources, which results in no significant differences in digital media usage levels with different
genders among older adults.

The media attitude of older adults did not influence their media usage behavior. This finding contradicted
some previous research conclusions. Parida et al indicated that technology attitude was a crucial factor in
mitigating the impact of age on social media use among elders [60]. The reason was that the relationship
between attitude and behavior was complex and multifaceted. Ajzen and Fishbein had highlighted that while
there was a link between attitudes and behavior, it was not always straightforward or direct [61]. Factors such
as cognitive-affective inconsistency, ambivalence, and the context in which attitudes were formed could all
play a role in determining whether attitudes translated into actual behavior. Therefore, there was no significant
relationship between the media attitude of older adults and their digital media usage behavior.
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